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Abstract: In this paper, an overview of XMU POS tagging and Syntactic Parsing systems for the 1% China Workshop on
Syntactic parsing is given. Brief introduction of two different kinds of POS tagging systems and the system combination
technologies are proposed, respectively. It also contains the introduction of two differ models for Parsing system, and K-best
combination technologies are proposed. The training data setups and the results are also described as well as some
discussions.
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