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abstract: In this paper, we present a Chinese chunking method, in which boundary and composition identification is
transformed into sequential labeling process by Maximum Entropy Markov Model, and relationship identification is
transformed into classifying process by Maximum Entropy Model. Errors are significantly reduced by adding candidate
tags selection and difficult relationship identification. The system integrated these methods achieved the F-measure of
93.196% for boundary and composition identification and the F-measure of 92.103% for relationship identification, and
ranked the first in CIPS-ParsEval-2009 task2: Base Chunk.
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