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Chinese POS Tagging Based on Maximum Entropy Model with CRFs
LI Ze-zhong , HUANG De-gen

(Department of Computer Science and Engineering, Dalian University of Technology, Liaoning 116024, China)

Abstract: Chinese POS Tagging is a basic task in the field of Chinese information processing.This paper pre-
sent a Chinese POS tagger by combining Maximum Entropy Model and Conditional Random Fields. First, have

a tagging by Maximum Entropy Model, besides that retaining the best POS tagging path as usual, also select the
second best tag from the other N-Best paths through some proper strategy for every Multi-category word. Sec-

ondly, have another selection between the two best candidates for the final tagging result. At last, we also try a

modification with templates. According to our experiments, the method achieves a better result with a tagging
precision of 93.21% by using test data from CIPS-ParsEval-2009.
Key words: Chinese Part-of-Speech tagging ; CRFs ; Maximum Entropy
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